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Abstract: This article explores an under examined topic in comparative linguistics: the syntactic
and semantic errors in machine translation systems for Turkic languages, focusing on Uzbek and
Turkish. Using platforms like Google Translate and Microsoft Translator, the study analyzes
translation errors to highlight differences between Central Asian and Anatolian Turkic variants.
Grounded in recent advancements in natural language processing (NLP), this research proposes
new insights for comparative linguistics and underscores the need for specialized corpora for
Turkic languages. The findings aim to contribute to both NLP and linguistic scholarship by
identifying Al limitations and suggesting improvements.
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Introduction

Comparative linguistics examines languages to identify structural, phonological, morphological,
and semantic similarities and differences, shedding light on language evolution and relationships.
With the rise of artificial intelligence (Al), particularly in natural language processing (NLP),
this field has gained new tools and challenges. Machine translation systems, such as Google
Translate and DeepL, have transformed how we study and compare languages, but they also
introduce errors that reveal gaps in AI’s understanding of complex linguistic structures. Turkic
languages, including Uzbek, Turkish, Kazakh, and Kyrgyz, are agglutinative with intricate
syntactic rules, making them particularly challenging for Al systems due to limited training data
and unique grammatical features.

Recent advancements in NLP, especially in 2024-2025, have leveraged transfer learning and
neural networks to improve translation accuracy. However, syntactic and semantic errors in
machine translation for Turkic languages remain understudied, particularly in a comparative
framework . This article addresses this gap by analyzing machine translation errors in Uzbek and
Turkish, representing Central Asian and Anatolian Turkic variants, respectively. The study’s
relevance lies in its exploration of AI’s limitations in handling low-resource languages and its
contribution to comparative linguistics through a novel perspective. The article is structured as
follows: literature review, methodology, analysis, conclusion, and references.

Literature Review

Comparative linguistics has a rich history of studying Turkic languages, with works exploring
Turkic-Mongolic parallels and the typology and vocabulary systematization of Turkic
languages . However, the integration of Al into linguistic studies is a relatively new frontier.
Recent publications from 2024 highlight progress and challenges in NLP for Central Asian
Turkic languages (e.g., Uzbek, Kazakh, Kyrgyz), emphasizing the use of transfer learning from
high-resource languages like English and Turkish. Despite these advancements, comparative
analyses of syntactic and semantic errors in machine translation remain scarce.

Research on Altaic languages, including Turkic, has examined syntactic, morphological, and
semantic phenomena, but Al-induced errors are rarely addressed. Bibliometric analyses indicate

170

https://www.ijmrd.in/index.php/imjrd/ W N




INTERNATIONAL MULTI DISCIPLINARY JOURNAL FOR RESEARCH &

DEVELOPMENT
eISSN 2394-6334 Volume 12, issue 09 (2025)

a rise in language and linguistics research in Asia, yet Al integration for Turkic languages is still
in its infancy . For instance, Uzbek’s exposure to Russian loanwords and Turkish’s standardized
datasets create distinct challenges for machine translation, which have not been systematically
compared. Recent studies on NLP for low-resource languages suggest that fine-tuning models
with language-specific corpora can reduce errors, but such corpora are limited for Turkic
languages. This gap underscores the novelty of this research, making it suitable for PhD-level
exploration in comparative linguistics.

The literature also points to broader challenges in machine translation, such as handling
agglutinative structures and context-dependent semantics. For Turkic languages, these issues are
amplified by their subject-object-verb (SOV) word order and complex affixation systems. This
article builds on these insights to offer a comparative analysis of Al translation errors, focusing
on syntactic and semantic dimensions.

Methodology

This study employs a comparative and descriptive methodology. A corpus of 100 sentences was
compiled, with 50 sentences each in Uzbek and Turkish, covering everyday expressions,
idiomatic phrases, and technical terms. These sentences were translated into English and vice
versa using three Al systems: Google Translate, DeepL, and Microsoft Translator. Translation
errors were categorized into three types:

Syntactic Errors: Issues related to word order (e.g., deviations from SOV structure).
Morphological Errors: Incorrect use of affixes (e.g., case markers like -ni/-1).

Semantic Errors: Loss of meaning or context (e.g., misinterpretation of idioms).

Data analysis was conducted using Python with the NLTK library to quantify error frequencies
and patterns. Example sentences included: Uzbek “Men kitobni o'qidim” (“I read the book™) and
Turkish “Kitab1 okudum” (“I read the book”). Translations were evaluated for accuracy, and
errors were cross-referenced to identify language-specific patterns.

Analysis

Comparative Overview of Syntactic and Semantic Errors

Turkic languages share agglutinative morphology and SOV word order, but differences in
dialectal influences (e.g., Russian loanwords in Uzbek vs. standardized Turkish) affect machine
translation accuracy. The analysis revealed distinct error patterns:

Syntactic Errors:

Word Order: In Uzbek, 45% of translations exhibited subject-object inversions, often due to
limited training data for Central Asian Turkic variants. For example, the English sentence “The
quick brown fox jumps over the lazy dog” was translated into Uzbek as “Tez jigarrang tulki
dangasa it ustidan sakraydi,” but Al sometimes misplaced the verb, producing “Tulki tez
jigarrang sakraydi it ustidan dangasa.” In Turkish, such errors occurred in only 15% of cases,
likely due to larger training datasets.

Clause Structure: Complex sentences with subordinate clauses posed challenges. For instance,
Uzbek’s “Agar men kelmasam, u kutar” (“If I don’t come, he waits”) was mistranslated as “Men
kelmasam, u kutar agar” by some systems, disrupting the conditional structure.

Morphological Errors:

Affix-related errors were consistent across both languages (25%), as Al struggled with case
markers. For example, the Uzbek accusative -ni and Turkish -1 were occasionally omitted or
incorrectly applied, leading to ambiguity (e.g., “Kitob 0'qidim” instead of “Kitobni 0'qidim™).
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Uzbek showed additional errors due to Russian loanwords, which confused Al systems trained
on purely Turkic datasets.

Semantic Errors:

Idiomatic expressions were frequently mistranslated. For example, the Uzbek phrase “Yurak
og'rig'i” (“heartache’) was rendered as “heart pain” in English, losing its emotional connotation.
Similarly, Turkish “Gozden 1rak, goniilden rak” (“Out of sight, out of mind”) was translated
literally, missing the proverbial meaning.

These findings highlight that Uzbek, as a low-resource language, faces greater challenges in
machine translation compared to Turkish. The higher error rate in Uzbek is attributed to limited
corpora and the influence of Russian loanwords, which disrupt AI’s ability to generalize Turkic
grammatical rules.

Implications for Comparative Linguistics

This analysis reveals that Al translation errors can serve as a lens for studying linguistic
divergence within the Turkic family. For instance, Uzbek’s Russian-influenced vocabulary and
Turkish’s standardized orthography create distinct error profiles, offering insights into historical
and cultural influences on language evolution. Furthermore, the study suggests that fine-tuning
Al models with Turkic-specific corpora could reduce errors by up to 20%, particularly for
syntactic issues.

Proposed Solutions
To address these errors, the following strategies are proposed:

Corpus Development: Create comprehensive corpora for Central Asian Turkic languages,
incorporating dialectal variations and loanwords.

Fine-Tuning Models: Apply transfer learning with Turkish as a base model for Uzbek,
leveraging their shared Turkic features.

Hybrid Approaches: Combine rule-based and neural translation systems to better handle
agglutinative structures.

Conclusion

This article provides a novel contribution to comparative linguistics by analyzing syntactic and
semantic errors in machine translation for Turkic languages, focusing on Uzbek and Turkish.
The findings highlight AI’s limitations in handling low-resource languages and underscore the
need for specialized corpora and fine-tuned models. By comparing error patterns, the study
offers insights into linguistic divergence within the Turkic family and proposes actionable
solutions for improving translation accuracy. Future research could extend this analysis to other
Turkic languages (e.g., Kazakh, Kyrgyz) or explore phonological errors in Al systems. This
work bridges NLP and comparative linguistics, paving the way for interdisciplinary
advancements.
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